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Construction of the Mental Model for Humanoid Robots
- Introduction of Encoding Model Using Self Organization Map -
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Abstract — A conventional robot can show just oneofbehaviors defined by a user in response to a stimulus,
though human behavior in response to a stimulus depends on the mood at the time. At fast, it is necessary for
a humanoid robot to store new information by itself There fore, we proposed an encoding model by using the
self organizing map. The memory model with the encoding model and co-associative memory developed in
2004, allowed a humanoid obot to store information about a stimulus and generate the behavior in response

to the stimulus depending on the mood.
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Fig.6 Experimental Result of Encoding
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